Does Fair Ranking Improve Minority Outcomes?
Understanding the Interplay of Human and Algorithmic Biases in Online Hiring
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i. \Tas® Linked (11} in » Hiring platforms connect employers and job candidates

kRabbit : : : : : :
; " : * Prior research demonstrated undesirable algorithmic and behavioral biases
) ! . ’ ! » Fair ranking algorithms were proposed to mitigate those biases
i g hottorms ‘ « Evaluation of fair ranking by websearch based clickmodels
) |
" " But does fair ranking improve the actual outcome of underrepresented groups on

hiring platforms?

We created a hiring simulation

* We gathered three datasets from TaskRabbit

@ » Each dataset consisted of 3 female and 7 male candidates
* We used TaskRabbit's ranking, Linkedln's Fair Det-Greedy
TaskRabbit and a random ranking to sort the job candidates

* We tested all algorithms in three different job context
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Is fair ranking equally effective in all job contexts and candidate pools?
Is the effectiveness of fair ranking dependent on which group iIs underrepresented?
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Result summary
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The effectiveness differs with job

Fair ranking Improves minority outcomes context and candidate profiles
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