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- Figure 3: (a-b) Budget vs Gini Index. This shows the Gini Index for varying budgets for (a) the GECI baseline and (b) our
proposed method. Our proposed model performs better, particularly at a smaller budget. (c-d) Budget vs Utility. This shows
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Figure 5: Facility placement results showing varying budget
(facilities) vs. total Gini index and utility.

Contact

* gramachandran@salesforce.com salesforce




